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OVERVIEW

Goal: Efficiently schedule a set of sensors for monitoring and intrusion detection
Approach: Model the interactions between defender and intruder as a 2-player game
Key Challenges:

* Exponentially many scheduling strategies for defender - Combinatorial strategy space
* Unknown sensor models - Need to learn and adapt scheduling strategies online
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* Distributed Weighted Majority (DWM) Algorithm
* Fast and scalable algorithm to estimate Nash equilibrium ‘ “ "
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